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Citation Indexes for Science

A New Dimension in Documentation

through Association of Ideas

“The uncritical citation of disputed
data by a writer, whether it be deliberate
or not, is a serious matter. Of course,
knowingly propagandizing unsubstanti-
ated claims is particularly abhorrent,
but just as many naive students may be
swayed by unfounded assertions pre-
sented by a writer who is unaware of the
criticisms. Buried in scholarly journals,
critical notes are increasingly likely to
be overlooked with the passage of time,
while the studies to which they pertain,
having been reported more widely. are

Eugene Garfield

approach to subject control of the litera-
ture of science. By virtue of its different
construction, it tends to bring together
material that would never be collated by
the usual subject indexing. It is best de-
scribed as an association-of-ideas index,
and it gives the reader as much leeway
as he requires. Suggestiveness through
association-of-ideas is offered by conven-
tional subject indexes but only within the
limits of a particular subject heading.

If one considers the book as the macro
unit of thought and the periodical article
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The core of 'design thinking' and its application

By: Dorst, K [Dorst, Kees) 1,2
View Web of Science ResearcherlD and ORCID {provided by Clarivate)

DESIGN STUDIES

Volume: 32 lIssue: 6 Page: 521-532 Speciallssue: 3

DOl: 10.1016/].destud 2011.07.006

Published: MOV 2011

Document Type: Article

Abstract

In the last few years, "Design Thinking" has gained popularity - it is now seen as an exciting new paradigm for dealing with problems in sectors as far
afield as 1T, Business, Education and Medicine. This potential success challenges the design research community to provide unambiguous answers to
two key questions: "What is the core of Design Thinking?" and "What could it bring to practitioners and arganisations in other fields?". We sketch a partial
answer by considering the fundamental reasoning pattern behind design, and then locking at the core design practices of framing and frame creation.
The paper ends with an exploration of the way in which these core design practices can be adopted for organisational problem solving and innovation.
{C) 2011 Elsevier Ltd. All rights reserved.
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The text providing the basis of this article has so far never been connected with Leonardo's Battle of Anghiari. It shows how a Florentine humanist scholar, Piero Vettori,
understood this masterpiece in the middle of the sixteenth century, and from it threads develop leading to a better understanding of both its grandiose composition, and
eventually, its inglorious end. It is suggested that Leonardo’s Battle of Anghiari was conceived of and intended to be executed as a 'Greek’ painting in Florence, 'the new
Athens', and precisely for this very reason deteriorated so quickly.
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Generative adversarial networks are a kind of artificial intelligence algorithm designed to solve the generative modeling problem. The goal of a
O ® &H5heX 2,973 generative model is to study a collection of training examples and learn the probability distribution that generated them. Generative Adversarial
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Deep learning algorithms, in particular convolutional networks, have rapidly become a methodology of choice for analyzing medical images. This
I:I ¥ SHEIPL 337 paper reviews the major deep learning concepts pertinent to medical image analysis and summarizes over 300 contributions to the field, most of
I:I o A= v 11 which appeared in the last year. We survey the use of deep learning for image classification, object detection, .. BTEE o
1 s e B A S i T L e LR S T ey i QAP S

2 Clarivate” 51



13 Clarivate

Web of Science LS

¥oE >  “deeplearn™ (FH) FVEE > “deep learn®” (FER) and C... > S|3TRE: “deep learn*” (F28) and Computer Science Interdisciplinary Ap...

SIXIRE

‘ Q, “deep learn*” (F58) ‘ ﬁ#ﬁﬁﬁﬁ% ‘ ,., EIFEIRERARSS
IR f/‘-.f\!eb of Science Z£51: Computer Science Interdisciplinary Applications .
WEsi 4 2L .
B IBTR BT : 201,016

' O SHEEIRE
R bES | 3k EL BN 180
8,315 114,882 s 201,016 [ 24.18 J rinder
ait ait Ait RIS R
+ i 109,698 s
kB 1900~ E 2023+ ’ 185,427 - eSS .
ENC=E] Spenz] I%ﬂmglyﬁ;A : 24.18 ‘

BERRIEE SURLRI 31 T

32

2 Clarivate”



— (PSSR R——EES I SRS

RS SRR
2600 — | hitethetetnldniatmmminibtaitds | 70000
2400 -
2200+ L 60000
2000 —
1800 L 50000
1600
1400 | 40000
£ -
& =
I 1200 o
L 30000 ii*.
1000
800 —
L 20000
600 —
400 4 | 10000
200 -
0 0

1 1 T T 1 1 [ I I I | | | T I I 1 1 T T J I I T T T T T T T
1992 1993 1994 1995 1996 1997 1998 1999 2000 2001 2002 2003 2004 2005 2006 2007 2008 2009 2010 2011 2012 2013 2014 2015 2016 2017 2018 2019 2020 2021 2022 2023

HERYD B #siax a

2 Clarivate” 53




IR FEAIRI T 1

......... L A
] 1

BURESISGRE

PHERER

2 Clarivate”

34



taie | REFIHEXMAT , 55 !

2 Clarivate”



AEFIEXTLEE , SEM TR |
H R ?



$

525148 ( REVIEW ) !

2 Clarivate”



BREMRAFREE—BESE (REVIEW )

3 Clarivate

Web of Science’ & e..v

t@E >  “deeplearn™” (FH) FPEE >  “deep learn™ (FER) and C... > “deep learn™ () PSR

113,428 5%3KH Science Citation Index Expanded (SCI-Expanded)9455R:

Q, “deep learn*” (F5%) ] DITSRER SI3RE A FEIRERARSS

O SHlieFEhEE

YD fErIgEthiEE...

RN

O o3es | FMBIHEERS R || S v | HFRR: WElRR Btise - < 1 /2000 >
HEERPEER.. Q
[J 1 Generative Adversarial Networks 26,786
S N

EhRCERYRTE ~ “ls s

2 * - REVI EW (11), pp.139-144 35
e ‘ -ZFL‘QI ‘ SEVE

Generative adversarial networks are a kind of artificial intelligence algorithm designed to solve the generative modeling problem. The goal of a

O ® =iEshe 2,973 generative model is to study a collection of training examples and learn the probability distribution that generated them. Generative Adversarial
(] e 121 Networks (GANs) are then able to generate more examples from the estimated probability distribution. Gener .. BTEZE
B éﬁﬁlﬁz 5,480 Os5-Fx RSN see BERZEC

2 Clarivate” 58



BREMNARHER—BRLSE (REVIEW)

3 Clarivate

e3> “deep learn”™” (F5H) HISER FET) V4S5 > “deep learn™ (FEER) and £RATES (MafEEY) RIESE

5,480 553K H Science Citation Index Expanded (SCI-Expanded)AY453R:

Q doep learn () IEEZNEEE » cnnnns

G SHINFEAHE

AR fErIREthiEE...

IR RER

O o548 | AMBIREERAE || S v | HEA WIBER: BEOE - < 1 /10 >
TEERPIE. Q
(01 Deeplearning 22,345
WS BIR

jﬁ‘f,ﬂ_;lafgﬁjju%ij;ﬁf ~ LeCun,Y; Bengio, ¥ and Hinton, G

B May 28 2015 | NATURE 521 (7553), pp.436-444 103
FSEIUP 253

Deep learning allows computational models that are composed of multiple processing layers to learn representations of data with multiple levels
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